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Abstract;

Meta data management practices often overlook ¢ke social dynamics play in
harnessing the value of an organisation’s uniqusinegs language and the
behaviours it creates. Using evidence from litegt interviews and cognitive
ethnography, this research case sets out to expl@nimpacts of meta data
management on social dynamics. The emerging théthasis, newness, continual
adaption, engagement tension, production tensioefficiency and unreliability)

represent salient factors by which organisations lma constrained in exploiting the

worth of their meta data.

This research emphasises the critical importancergénisations having a deeper
understanding of the purpose and meaning of infaama This understanding is a
strength for creating value and for exploiting ¥herth arising in networks and in the
social dynamics created within those networks. sThirength contributes to
organisations’ economic growth and is interdependaéth their ability to manage

complex phenomenon in a growing interconnectedesyci



Introduction:

More than two decades have passed since Peter @&ruekognised in 1984 that
society would need to transition from a conditiommarily centred on the "T" in
Information Technology. He said that what mattered not technology, but a much
deeper understanding of the meaning and purposafaimation (Drucker, 1984,
1999). Drucker (1984, 1999) understood a new wahioking would be needed for
organisations to effectively redefine and manaderimation to gain an advantage in

an increasingly complex society.

Marcus Aurelius (121-180 AD) saitLook beneath the surface; let not the several
quality of a thing nor its worth escape thg®farcus 1998). Organisations must look
beneath the network of information to its meanimgl gurpose to find the exact
nature of its worth and distinguish it from pastises of wealth creation. The value
within the complexity created by our society’s net@nnectedness is enabling
organisations to capitalise on their understandintpe dynamics of complexity. The
ability to manage complex phenomenon is a strerggthbling organisations to
transcend complexity as a weakness and this knawikavhat threatens to disrupt

all facets of business.

The most significant advantage organisations havmanaging complexity is their

understanding of what is necessary to exploitréate new solutions and transform
with predetermined solutions (i.e. new informati@chnologies and systems). To
obtain such a future requires organisations to ggobd facades attempting to
simplify the complexity our interconnected societgates and no longer be taken in
by yesteryears’ superficial technology centric dagms. Attempts to manage

complexity by reducing it to constituent parts also a perpetuating obstacle that

distorts organisations’ holistic understanding @iplexity.

In organisations, managing complexity can be thesakness. This disadvantage
continues to erode their ability to exploit the tothat arises in networks and in the
social dynamics created within those networks. rOtime this weakness is
compounded by an inability to anticipate complegitemergent properties as

organisations pursue transformations with predetexchsolutions.



Managing the complexity phenomenon requires an nstateding of the theories of
meaning together with network theory, particulaalfen it comes to discoveries in
semantics that make effective information and ndetia management possible in our

interconnected society.

Semantics are fundamental to natural language ssipre and explaining its meaning
and semantics represent the mental states of pedfaéural language expression is
critical in the effective management of semanti¢ardata, delivery of predetermined
solutions and maximising the worth of an organc@s information assets. Meta
data refers to information that describes the wari@spects of an information asset, to
improve its quality, and ensure the asset conveysviedge about an item without
requiring examination of the item itself (Gartn2010; Haase, 2004; Madnick, 1996).

Semantics underpin our interconnected society hadrteaning of information used
in organisations. The understanding of semanti@ammg impacts language in
organisations and value creation from the use f@Wrimation. The semantics in
language not only deal with words people use, beatrapresentations of meaning
expressed in sentences (Steyvers & Tenenbaum, Blib,et al., 1998; Griffiths,
Steyvers & Tenenbaum, 2007). Semantics represeati@e of social cohesion and
are a stimulus for creative innovation. Semardiesvaluable in the present moment

and over time they reveal patterns in our lives.

Semantics also underpin the purpose of informatibhin organisations. An in depth
understanding of the reason for semantics in in&ion is a human condition that
connects organisations in an interconnected woilthe span of semantics reaches
organisations from every sector (i Cancho & Sol@Q12 Steels, 2008; Bub et al.,
1998). Semantics ensure we learn more about @essebthers and how people

assign meaning to words processed in their minesgsychological and cognitive).

An organisation’s understanding of semantics in anefata enables them to
distinguish meanings about their language. Thip@is an organisation into the big
data age to thrive in a changing world. The oletgom by Drucker (1984, 1999) on
the condition of information provides an understagdf how the language network
effects is a factor in a changing world. As peaalept to change and the complexity

interconnectedness creates, opportunities arisedic@ancement.



One significant aspect of this opportunity is highted in economics. The World
Economic Forum’'s (WEF) “Connected World Transforguifravel, Transportation
and Supply Chains” report projected opportunitiesan interconnected world will
hover at 4 trillion dollars per annum until 2025EW, 2013). This can be seen in one
of three primary elements General Electric (GE)ioedl in their “Industrial Internet”
report. GE predicted a 10 to 15 trillion dollampoptunity centres on more intelligent
designs that lead to productivity increases forpbe@round the world (GE, 2013).
Likewise, Mckinsey and Company (2013) predicted, their "Disruptive
technologies: Advances that will transform life,smess, and the global economy"
report, a 5 to 7 trillion dollar opportunity cerdren more intelligent systems that

improve knowledge workers’ ability to quickly cortesensible conclusions.

Organisations with an understanding of how to ifgrdpportunities beneath the
surface of information, create emerging solutiop®kploiting the abundance of data
or information in an interconnected society. Thisll continue to enable

organisations to drive demand for their goods ovises. Furthermore, the strength
to create emerging solutions is accelerating whatcker (1984, 1999) anticipated
would occur in a world in which billions of peopkend things connect in an
ecosystem. What Drucker (1984, 1999) postulatqutesents characteristics of
complex systems. In our society a deeper undefistgrof managing complexity and

their dynamics is what holds the future of valueation.

Furthermore, complex systems that involve peopbpire intelligent, appropriate
designs that anticipate what arises from withinrieéwork. Networked information
is information that no longer exists in a vacuumirorsilos and reflects complex

systems.

As new predetermined solutions sprout up in orgdiugs, the role social dynamics
plays in effective information management has baerlooked. This oversight has
created an ever-widening chasm of interpretatiobusiness language or corpus. The
meta data that predetermined solutions generatainsndisparate, ambiguous and
isolated on the machines organisations use. The musiness creates, retains and

uses data the more risk there is in conflictinghaccurate interpretations of that data.



The effective semantic interpretation of meta dateritical to a business’s ability to

make productive and accurate use of data and irftoom

Semantic interpretation is not only significantbigsiness language, it affects learning
during problem solving and planning. The semarmi®rpretation of business

language satisfies a human need to be sociahcilithtes interactions business units
engage in every day as well as business connecti@mnganisations that implement
meta data management best practices are well guesitito improve social dynamics

and with it, group oriented analysis and sense ngaki

This research case identifies the phenomenon dglsdgnamics as it relates to
economic significance for organisations with anligbito establish and grow
networks. The implications that are shaped byrgamsation’s social dynamics and
business language captured in meta data has ecorsignificance. The emerging
themes (that is, newness, continual adaption, esmgagt tension, production tension,
inefficiency and unreliability) at play in this esrch case represent salient factors by

which organisations can be constrained in explgitive worth of their meta data.



Literature Review:
Case Study Rationale:

Organisations conduct business and workplace #esvithat focus on problem
solving, planning and learning (Nelson, 2000). Wlmmplementing predetermined
solutions people speak in a way that representcaspf their organisation’s business
language. For instance, language like the follgwsnused:
What customer segments are touched by {name ofige applications and
systems}?
What transformations have been applied to custe@gments?
What must each team (e.g. Marketing, Informatioehf®logy, Compliance
and Risk) consider before applying {name of enisgrapplications and
systems} modifications to customer segments?
What are the possible implications on lead genmmaéind what customer
segments do they reach?
How can we isolate or take advantage of those mstihat we want to

modernise while tapping into new customer segments?

This dialogue typifies an organisation’s businesmantics spoken by workgroups as
they interact in business activities for the delwef predetermined solutions (Nelson,
2000). The language people use is complex and igdapThe interactions between
people using their business language is a disthginle pattern which can be seen
worldwide (Buchanan, 2007). A distinguishable @attof language not only forms in
organisations, but it can be seen formed in theyndielects of a particular language

found throughout a country and worldwide.

The language used represents social dynamics #edtsethe social phenomena of
people (Halevy et al., 2009; Steels, 2008; Bucha@@7). Natural language is fluid

and often fluctuates from a chaotic state to a&sthharmony. In an organisation this
fluidity creates a need for the establishment afogous business language — one
which is common to that organisation. The corpusifess language is affected by

external factors and actors.



For instance, new global financial regulations tadtiress financial crimes required
new predetermined solutions (i.e. new informatieohnologies and systems) to be
implemented and in the process new business terme wntroduced. The
introduction of predetermined solutions that insedigitisation of information, also
changed the business language. This conditioonsinear, that is, the development
of business language is not structured but is@eglinising (Steels, 2008, Buchanan,
2007).

Understanding the role the corpus plays in nonfindgnamics is even more
significant for managing in our interconnected sbci Often in today’'s complex
business and IT environments, organisations thauguthe delivery of predetermined
solutions overlook the role social dynamics playgafts, 2002, Steels, 2006). In
particular, and the subject of this paper, as asgdions pursue transformations of
their businesses they often deliver predetermiredtisns that over-generate meta
data. The impact on social dynamics and the ecansignificance in the new and
existing meta data, which is unique to a businsseften overlooked (Haase, 2004;
Watts, 2004; i Cancho & Solé, 2001). This oversigitcurs even though
organisations can use semantic meta data to fasteirate workplace interactions,

mould social behaviours and gain a competitive athge.

Although semantic meta data is being recorded aplpenteract with technology,
aspects of their business language captured imibtd data remains ambiguous and
isolated on the machines they operate. The ambgyand isolated information never
reaches its full potential because it has neven bbedefined to find its meaning and
purpose (Drucker, 1984, 1999).

Attempts by organisations to establish a stateaoflony out of the chaos created by
nonlinear language development, is less about &fmore about the social dynamics
of people in workgroups (Halevy et al., 2009; Ste@008; Buchanan, 2007). It is
about creating a state of uniformity, general agw®, unambiguity, while chaos

represents unclear or ambiguous silo-based wot&pat



It is reasonable to infer that each person, lefthr own devices, would settle on
self-serving definitions which represent their oway of expressing words and
objects. So too would workgroups who share comexgeriences, cultures, opinions
and languages. Without a defined language or skieniaterpretation of business

language, interactions between workgroups can causécts.

Over time, repeated interactions between people lea increased levels of
homogeneity due to humans’ semantic memory (a persability to create
associations from words and objects over time) idstn & Shiffrin, 1968; Tulving,
1972; Martin, 1993). However, this conceptual hgemeity can be incomplete. To
establish accurate workplace interactions and kbelaviours, an organisation can
develop meta data management practices and usentsermeeta data to help define

their corpus.

Often, meta data management practices focus onntimetrivial effects of the

interoperability of information technology. Forsitance, the worth of meta data is
often associated with the internal workings of wafte that enables it to consistently
operate together on machines. This has been amkfal. The generation of more
data and information through interoperability ofoirmation technology has enabled
organisations worldwide to expand the reach ofrtbperations (Drucker, 1999). By
itself though, interoperability of information tewblogy has not enabled many
organisations to look beneath the network of infation to its meaning and purpose.
This is even more significant in our interconnecsediety as the social dynamics of
people have made meta data more complex and mbrabla at the same time. As
more people interact with goods or services thelugde meta data, uncovering the
exact nature of its worth is even more criticalneOmpact of social dynamics is that
it expresses the meaning of the exact nature o& mhata’s worth that is beneath the
network of information. This information enableganisations to create new value,

wealth and to redefine what is meant by competitgs (Drucker, 1984, 1999).
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The social dynamics of people which are embodiecbimplex systems are adaptive
and naturally occurring and would give greater Hef management practices.
However, they are far more complex to analyse.s Thiikely to be the reason why
social dynamics have been ignored in meta data gesmant practices even though
the research included in this case study would estgthat social dynamics is an

important part of making productive and accurate afsnformation.

It is unreasonable to suggest that meta data meragepractices and semantic
interpretation of business language will solve @infusion because the social
behaviours of people are beyond the bounds of ipitissi An understanding of how

business language affects workplace activities reglice the ambiguity which can
lead to conflicts (Nelson, 2000).

Impacts of Meta Data Management on Social Dynamics:

The ways in which people perceive and comprehendokécy changes or events in
an interconnected society affect social dynamicéDrade, 1995; Vygotsky, 1978;
Steels, 2008). D' Andrade (1995) suggests thectsffenvolve the degree of
interdependence between complex units that inghedgle, workgroups and different
networks. Vygotsky (1978) suggests that natunadlage is a higher psychological
function that plays a fundamental role in orgargstomplex human behaviours. This
complexity increases in society as everyone andything becomes interconnected.
The social dynamics of humans and activities thkite to commerce like shopping,
reading, social interactions, and entertainmeniraneasingly digitally mediated and
interconnected. This condition is fostering a tgeantertwining of digitised
interactions in society with the minds of peopleséBan, 2005; Eysenck, 2004;
Buchanan, 2007). As thought processes and theigathyworld coalesce they
consistently change together. The living systemsrganisations are complex and
self-organising where numerous outcomes are likadyticularly when they involve
people (Holling, 2001).
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Semantic memory:

A critical factor in social dynamics is people’snmantic memory. The semantic
memory is necessary for people to use natural Eggu It is a highly structured
knowledge network of concepts, words, images, timganings and references about
rules, relations, formulas, and algorithms peole in making inferences (Collins &
Quillian, 1969; Eysenck, 2004; Tulving, 1972). Pleocall on this network in
problem solving, planning, and learning by retmgyiwords about concepts in the
physical world (Joubert et al., 2010; Beeman, 20@&rtin, 1993; Tulving, 1972).
The semantic memory plays a significant role in pie's workplace activities

including delivering predetermined solutions.

The interruption or loss of semantic memory is gigant. Among other things

Alzheimer’s disease, dementia and aphasia has Ibdel to the loss of a person’s
semantic memory. A recent study has linked theseaof a significant loss of

semantic memory to high abdominal fat in peopleobely30 years of age (Roy et al.,
2013).

Figure 1 shows that as people think about the word ‘dogmimg it in a picture, their
expression of the word is influenced by the inpansl outputs of semantic memory.
Conversely, the inability of people to associatehwivords like ‘dog’ from their
semantic memory affects their forming of words amgbression of their meaning
using language (Caramazza et al., 2003; Joubeat.,e2010; Reilly et al., 2012;
Chertkow et al., 2002; Bub et al., 1998).

12



Figure 1: Criterion for expressing meaning using inputs antputs of semantic

memory

INPUT MODALITY

VISUAL VERBAL

‘\ « DOG »

KNOWLEDGE OF SEMANTIC FEATURES

Non-verbal Verbal
(pointing) (« dog »)

OUTPUT MODALITY

As people in workgroups interact within their orgation’s ecosystem, external
stimuli embeds a network of associations in the asgib memory. This enables
common acquisition, retention, and transmissionn@drmation about meaning that

represents words, concepts, and their classificatio

Semantic inter pretation:

The interactions between social groups and the senanterpretation of objects

reflect the associations people assign to theireshapinions, culture and business
language. In organisations, the formation of airf®ss language and semantic
interpretation is an aspect of human cognition Wheaables people to productively

collaborate and understand the meanings assoeidttethe physical world.

Meaningful business vocabulary and the accurate aiseaformation hinges on
semantic interpretation. Semantic interpretatiom fmeta data management is
interdependent with human cognitive ability, toggtbxpanding meaning for analysis
(Beeman, 2005, Sowa, 2006).
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Corpus is also interdependent in semantic intespogt. Corpus is instrumental in
expanding meanings of words and ensures qualitjalmmiation for intentional
outcomes. Corpus is the representation of wordd urs natural language production
and this plays a significant role in memory, sodhamics, cognition and growth of
networks (Francis et al., 1967; Quirk et al., 198t&yvers, et al., 2005).

Meta data management practices must make an oaganis spoken business

language inclusive and accessible to ensure itrex@sahuman wellbeing. Meta data
management practices that are truly holistic enpbtEple in organisations to become
more self-sufficient, empowering them to expresgjlege for doing business versus

language expressed about business (Nelson, 2000).

The lack of management of disparate semantic nagtais an issue that organisations
need to better understand in order to resolve seeneonflicts, and improve decision
making and operational performance. This is aicatfitfactor for information
management as meta data management practices laeg tool for establishing
resilient data governance, data integration, datdityy, master data management and

big data initiatives.

Data semantic acquisition:

Eliciting the social dynamics and human conditisoni meta data management
practices requires a people centred way of thinkhag focuses on data semantic
acquisition as an intervention (Steels, 2008; Egkef004; Madnick, 1996). Data
semantic acquisition is an intervention techniquettensures the accurate
interpretation of business vocabulary and consitlesnatural language used while
conducting business. The intervention techniqusuess the quality acquisition of
business language and semantic representationabfladhguage is meaningful to
people. Madnick (1996) suggests data semanticigiiqgn is an intervention

technique organisations can use to organise sernargta data enabling them to

improve decision making as they become dispersedrgphically and functionally.
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Haase (2004) suggests that semantic meta data ffisredt from traditional
taxonomies or structured thesauri in two significarays. The first is that “it
provides articulated patterns of reference, desugibleven if only in natural
language) how terms map to content” (Haase, 20@Dp.). The second is that “it
provides operational rules of inference explainimgyv and when terms can be

expanded to other terms” (Haase, 2004 p. 205.).

Essentially, by creating a glossary for businesguage that enables quality network
effects to emerge, an organisation will shortentiime it takes for people to retrieve
from their semantic memory their interpretatioraoivord. Data semantic acquisition

is the intervention technique used to create thesglry which becomes the corpus.

Moreover, as data semantic acquisition establiphesise, high quality meta data in
organisations, the intervention technique ensugedsevis likely to increase greatly
over time. The intervention technique enablesrgarmisation’s meta data to become
valuable as the organisation’s meta data grows dyusiness user communities that

use the meta data increases.

Data semantic acquisition assumes that not all oeti@ generated for predetermined
solutions is created equal and that not all knoactsf about the meta data will be
interpreted accurately to create the organisati@mogpus (i.e. business language).
Furthermore, the intervention technique reflectsman intentions to ensure

representations of words are formed naturally.

The intentional human intervention of data semaatiquisition is an activity that
ensures organisations establish more reliable aadige semantic meta data. The
intervention technique ensures workgroups absatiieve and recall associations

that stimulate what is stored in people’s semangenory.

15



The effects semantic memory has on workgroup’sasatynamics is reflected in
associations of their business vocabulary thatiseel to express the same meaning in
many different ways. How business vocabulary igressed can infer different
meanings and this only exacerbates a highly amhbiguonproductive climate when
the digitised information remains disconnected @vglet al., 2009). The simulation
of coherent associations networked together viguahsures workgroups have

accurate cues that promote symmetry on memorydgedse ambiguity.

The strengthened semantic representations of dietllzetwork associations enable
workgroups to use their memory more productivelyirtfer accurate relationships
between application specific data stores. The osdtweffects happen when multiple
workgroups use their organisation’s corpus (i.esitess language). This condition
enables workgroups to quickly reconcile semantitangata that fosters greater self-
sufficiency, reduces semantic conflicts and incesathe worth of an organisation’s
corpus. An organisation’s corpus that has mommgeto link to and that has more
links created, will be in a better position to hess more value from their corpus by

creating more terms and linking them in.

The review of literature has demonstrated that séimanterpretation of business
language satisfies a human need to be sociahcilithtes interactions business units
engage in every day. An organisation’s understanpdif semantics in meta data
enables them to distinguish meanings about theiguage. This propels an
organisation into the big data age to thrive inharging world. Consequently, the
effective semantic interpretation of meta data lasprofound impact on an
organisation’s social dynamics yet meta data managé practices often overlook
the significance of an organisation’s unique bussnieanguage. This research gap is

explored in this research case.
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Methodology:

A cognitive ethnography framework was used on @ifipgroject case study to learn
about the impacts of meta data management on stgmimics (Williams, 2006).

This was supplemented with interviews held with ggeowho have extensive

experience in implementing predetermined solutimnsrganisations. The method
was selected because it ensures data-rich repaéisergaample materials are collected
in real world settings, for instance, the businessivities of an organisation’s

community of practice. The method provides a Hhiolidens for continuous

observation of the participants (for example, indlisals, workgroups, society, etc),
and it considers social phenomenon and complexdynfthe cultural perspective

(Fetterman, 1998).

A Financial institution’s experience:

Providing some insight into the significant roletmmeata management practices play
in social dynamics, the method includes a studg 6hancial institution’s project to
implement new global financial regulations thatradd financial crimes. This project
saw the introduction of predetermined solutionsdmply with the new Anti-Money
Laundering and Countering Financing of Terrorisnt S&ML/CFT). The Act was
incentivised by the economic effects of financialnes. A financial institution’s
licence to operate can be revoked if they fail tmply with the Act within a
designated period. The legislation has affectestyeaspect of the banking business.
The affects are global in nature and the changes ¢ouch a nation’s financial

stability.

Governments have recognised the significance oinfasound banking institutions
that can supply capital safely in a globalised dorllt has been estimated that
AML/CFT finance crimes accounted for approximat&®75 billion dollars in lost
profits alone in the Untied States of America. Tdraninal AML/CFT activities
restrain foreign investment and affect internatiocapital flows (International
Monetary Fund, 2010).

17



“Money launderers exploit both the complexity indrarin the global financial system

as well as differences between national anti-mdaegdering laws and systems, and
they are especially attracted to jurisdictions witkak or ineffective controls where

they can move their funds more easily without de&dac Moreover, problems in one

country can quickly spread to other countries i@ tbgion or in other parts of the

world” (Patel et al., 2012 p. 172; International étary Fund, 2010; Hagan, 2011).
This rapid spread is due to the interconnectedoiessciety.

The changes for a financial institution to implermére new AML/CFT legislation
brought about a new language that altered sociabmycs within the financial
institution. This is a perfect example to show howta data management impacts
social dynamics because the change impacted ewetyop the business including

customers, systems, processes and employees.

Conceptual frame:

The method also combined conceptual frames basedheta data pipeline and
context mediation services, to ensure the exactr@abf meta data’s worth is
distinguishable from past sources of wealth creaiio organisations (Haase, 2004;
Holling, 2001; Madnick, 1996). These frames weppli@d to the AML/CFT project
to simulate the semantic memory of workgroups. Jémantic representation is for a
new AML/CFT business vocabularfigures 2and3 highlight key characteristics of
the conceptual frames applied to the AML/CFT prbje€he characteristics outline
the practical application of data semantic acquoisias an intervention for meta data

management practices.

Figure 2 provides features of Haase’s framework (meta ggialine process) and
summarises the two key aspects of measurementnégiention that contribute to
over-generated and ambiguous semantic meta dake frimework considers the
processes necessary to help people with the ietetpyn and identification of
distinguishable features of meta data. The framlkevepplies a heuristic iterative
learning process while people were establishing expghnding their organisation’s
corpus. This heuristic process ensures peoplekyawledge from their experiences.
Heuristics was applied with the meta data pipgfiraess to distinguish context from

independent meta data features and sources tharagenambiguous meta data.

18



Measurement and identification (askigure 2) of the raw meta data features were
analysed to establish associations of interdepéridatures. This was done to ensure
consistency and so that accurate features of samasta data uncovered its worth

making the semantic meta data useful for people.

Figure 2: Meta Data Pipeline Process

Common
Sense Measurement: The mechanical
Y Extractions of features.
j Measurement (A \
B8 # Featd Features
! 'rB' ldentification 2 accurate
overgenefat usefu

- \
/ ——
g el | [ LN
< /
II\[E‘ unlcl'r nicrpretation J
A Intervention: Human interaction

Corpus with the content that does not
Analysis change the content itself

(Haase, 2004)

The establishment of quality semantic meta dataiges an organisation with an
opportunity to better understand how people inrti@rkplace respond to stimuli or
events that emerge. Meta data management pradteg¢sadopt the conceptual
frameworks and processes will continuously expamd caganisation’s corpus

ensuring workgroups are better equipped for adaptio

Figure 3is an extract from Madnick’s framework that refeeatkey feature of context
mediation services. It is Madnick’s concept ofads¢mantic acquisition that describes
the intervention technique that was applied to tesearch case as part of meta data
management practices to create quality associatidhgs service was combined with
Haase's framework and processes to simulate asenmsiarepresenting people’s

semantic memory for the AML/CFT project.

Figure 3: Context Mediation Services

Context Mediation Services

Data Semantics

e Alignment and erganisation of context for semantic meta data for it to be managed.
Acquisition

Data Quality Context Characteristics: accuracy, completeness, consistency, timeliness, source, and
stability

(Madnick, 1996)
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Interviews:

The method also included interviews with a variaify industry participants.
Interviews were selected as a means to collectdath providing this research case
with a holistic ethnographic analysis (Fetterma®98, Williams, 2006). The rich
data was needed to enable examination of the jpentits’ experiences and to
interpret likely themes that emerged. The pardioip came from the software
industry and consultancy firms with extensive eigrare in predetermined solution
transformation programmes within organisations.rti€lpants also included people
from the banking industry who established a newpgsrfor the Anti-Money

Laundering and Countering Financing Terrorism AdL/CFT).

The participant interviews were face-to-face arnepieone based. Victoria University
of Wellington, School of Information Management, reveconsulted on the
descriptions of questions, which were reviewed docuracy. The consent form,
information sheet and interview questions used ttoe case are included as

appendices.

Table 1is a summary of the characteristics of the 17 [geafo took part in the

interviews.

Table 1 Participant Characteristics

Interviewees Experience Years Roles Where
2 0of 17 Direct Involvement: Planning, strategy, integration, >20 Consultants USA
business process change, project management, ligpabi Projects Team Members
development, governance, software developmentypeige Senior Management

applications and systems transformation delivery.

6 of 17 Direct Involvement: Planning, strategy, integration, >10 Consultants Australia
business process change, project management, gmeern Enterprise Architects
software development, enterprise applications gatems Projects Team Members
transformation delivery. Senior Management

9 of 17 Direct Involvement: Planning, strategy, business process| >10 Enterprise Architects New Zealand
change, project management, governance, enterprise Projects & Operations Team|
applications and systems transformation delivery. Members.

Senior Management
Team Leaders

n=17 Implementations: Enterprise software, information >40 Combined Roles: Geographic Mix:
technology and business initiatives. Consultants America, Australia and
Architects New Zealand.

Senior management
Team leaders
Projects and operations
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The interviews caught the perceptions of a sample were from America, Australia
and New Zealand. This ensured a reasonable gdogragix. The combined sample
has more than four decades of experience in thieimgntation of enterprise software,
information technology and business initiativesheTinterviewees’ experiences were
gained through their direct involvement in implenieg predetermined solutions in

organisations.

The interviews highlighted a few of the core issadsing in organisations that were
documented. Careful observation and content aeslgé responses to the eleven
research interview questions (see appendices) wadertaken. The interview
responses were aggregated for the purpose of figiagtiand understanding recurring
themes that are impacting organisations’ abilityattdress complex phenomenon.
Five abbreviations were used, representing fiveirerg themes, and were placed
next to participant responses. With constant coispa of the five themes, 22 sub-
themes were identified from participant responsethé interview questions.  This
approach enabled discovery of a primary narratiud the creation of a visual
representation of participant experiences, sitnatiouances, and meanings needed to
describe the key characteristics of the five emargeemes. Some of the exact
comments from the interviews have been reproducet iacluded in this paper,

particularly those that clearly represent the tre(@airns, 1994, Fetterman, 1998).

Methodology limitations:

The primary limitations of using an ethnographynfeavork to a research study are
that it can become very costly and time consumifge method should not be used
to generalise findings for all organisations’ patge nor should the method be applied
to the investigation of complex environmental phaeaon like climate change
(Fetterman, 1998).
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Research Evidence and Findings:

Analysis and interpretation of conceptual frame:

The conceptual frames of Haase (2004) and Madri®®g) were applied to the
AML/CFT project. Using these frames the associtim Figure 4 represent many
instances of AML/CFT words linked to each otherhatite rules, definitions and so
on that are dispersed across an organisation’speise applications. Ifrigure 4 a
new AML/CFT language represents the common unanobiguvocabulary that
reflects social phenomena of people in workgroupsing the AML/CFT glossary,
workgroups re-associate and re-categorise wordsdim semantic memory. Over
time people in workgroups build up an organisedvoet of associations in their
memories that connect with the simulated words ftben AML/CFT glossary. As
workgroups express the AML/CFT business languagey tre able to accurately
associate with objects in their environment durprgblem solving, planning and
learning (Steels, 2008, Nelson, 2000).

22



Figure 4: The AML/CFT Corpus
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For organisations to exploit the network effectse tsemantic memory space in
Figure 4 above must have explicit linkages between theuress (i.e. associations
and people). An intelligent semantic represemntaliiiks people, the organisation and
the AML/CFT corpus. Without explicit linkages & unlikely an organisation will be

able to exploit the network effects.

I ntelligent semantic representations.

One of the many possible models applied to the ABHT corpus creates a semantic
network of associations tuned to particular proldetm speed up analysis. The
semantic network forms the basis of predictions Heeve the possibility to improve
productivity. The semantic network connects pegpleusiness language and
business activities (i.e. problem solving, planramgl learning) with applications they
use in their organisation. The network simulatew lpeople naturally create mental
patterns of meaning about business activities titradbe use of language (Steyvers &
Tenenbaum, 2005; Sowa, 2006; Watts, 2004).

The network adopts the premise that people’s ghitit predict is interwoven with

semantics and human intelligence (i Cancho & S2081, Steyvers & Tenenbaum,
2005). Harnessing this ability is about visuallseating patterns modelled as a
network which simulates how meanings of words repebple’s semantic memory
naturally. As conditions change in organisatiomsrdime, so to do the connections

of words that make up the network in order to naegiven circumstance.

An organisation’s ability to predict behavioursrgtworks based on their corpus will
enable people to answer questions relating to besiactivities smarter. This is the
next progression in value creation for meta dataagament practices. It coincides
with what some organisations have already embrdbatljs, as our society becomes
increasingly interconnected it becomes a more cexpystem. This transition in

thinking is in line with how over time, the World ¢ Web emerged into a complex
network that is interlocked into every facet of enarce, industry and the lifestyles of
people (Fletcher, 2012).
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The data semantic acquisition process is critidake the World Wide Web, data
semantic acquisition plays a supporting role in twerency of an organisation’s
corpus. It ensures the meanings people assign dta mata contribute to the
development of an organisation’s corpus. This eerto keep connections in a
network current and ensures a network expands. irfstance, as meta data for
conducting business activities enters the netwdhle, network’s behaviour will

initially assign priority to new words and createwn connections or “nodes”.
Adjustments will occur to neighbouring nodes bagedvhat people investigate in the
moment.

Figure 5is a prediction of the hierarchical semantic repreations of the AML/CFT

corpus. A pattern forms that augments human iotuit
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Figure 5: People centred intelligent semantic representations
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The network is supported by three features destrédme input, hidden and output
layers. The layers within the structure are vilgulithked together with nodes. The
nodes reflect connections in a network of words tiaa be activated between similar
associations. The input layer represents assocfatbetween nodes, their specific
rules, given weights and strength of connections/&en nodes in the network. The
hidden layer is an internal representation of ba&hawal patterns from the input layer.
The hidden layer of interlinking nodes, connectjagisen weights and rules creates
the patterns that supply semantic representatauéncies for the output layer. The
output layer forms the visual patterns simulatingwhactivation spreads across
connections in the network as it predicts peopkaiswers for business activities
(Rumelhart & McClelland, 1986).

By bringing together the representation of semaasisociations to form patterns,
nodes and links, an undirected network is forméldese semantic representations can
empower people to accelerate retrieval of inforomati A graphical model reflects

patterns matched together based on impacts weighted hidden layer.

The more a term is used (frequency) in the meta fdatenterprise applications across
the entire organisation, the more likely that temitl be the predicted answer to
people’s questions. This is represented by theimity of a word to the node in the

network.

In Figure 5 which is a network of behaviours specifically fine AML/CFT hub,

‘Customer’, for instance, appears as a node thatnsected in close proximity to the
hub indicating that its frequency of use by pedpleughout the organisation is high.
Hovering over the word ‘Customer’ will show all tegnonyms for ‘Customer’, in the
form of nodes, that people use in the organisasioch as ‘Account’ or ‘Customer
Segment’. These are aggregated into predictedviieerespect to the node and will
be different depending on the hub. Where the Bubinance’ and people hover over

‘Customer’, the likely synonyms would be ‘Debtor merhaps ‘Purchaser’.
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One business glossary (e.g. AML/CFT) can be netasiks a primary hub to other
primary hubs or topics with nodes and connectidreng time (Griffiths, Steyvers &
Tenenbaum, 2007). These semantic associatiorsgamiécant in acting as a priming

instrument for the network of connections.

The prediction network facilitates the activatiof semantic similarities. The
activation process is a simulation of what peoge m their minds. This, in turn,
reflects a node in their brain and as people iotesdth the visual representation, the
meaning spreads through the network. The nodebyneaovide people with a sense
of sentimental experience akin to the semantictiogiships they intuitively create

between meanings of words they use naturally whitgorkgroups.

The combination of semantic memory and predictimmough the use of semantic
representations serves as an enabler to improvplgeowellbeing. As people
express their lives with language, the meaningg tiee to the world are optimised
in a network to free them up to focus on more pngsmatters. This availability of
energy, albeit incremental, can make people mdfess#icient in the workplace or

in society.

Analysis and interpretation of interviews:

The impacts of meta data management on social dgeahave many different
interdependent actors and factors. Content asabyfsithe participant responses as
described in the Methodology: Interviews sectioagg 21), identified five recurring
themes and 22 sub-themes representing the mangependent actors and factors.

These are presented visuallyFigure 6.

The interpretation of the themes (newness, coritiadaption, engagement tension,
production tension, inefficiency and unreliabilitguggests impacts of meta data
management on social dynamics involve, but ardimitied to, complex phenomena
arising from human interactions in our interconedcsociety (Buchanan, 2007; i
Cancho & Solé, 2001; Holling, 2001; Steels, 2008).
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Figure 6: Interdependent themes from content analysistefuiews
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The major themes intersect with broader trends lamalmrganisations to manage
complexity in our interconnected society for conipat advantage. The interviews
and observations suggested the impacts of metantiatagement on social dynamics

are a microcosm of the deeper weakness of orgamsatnability to adapt.

The analysis suggests events organisations mugtt ada are endless in our
interconnected society. This was particularly ewidin the comment from Participant

5 below.

“There is a large list of events. Any event walquire a change to meta

data.”
- Participant 5

Events arise and fluctuate and no one person @n@ation can control this. The
events influence the common themes uncovered inntieeview responses. Each
theme provides a better understanding of the futimallenges and opportunities
facing organisations. The characteristics of exddhe key five themes represented in

Figure 6 above, can be stated as:

Newness:

Newness is a factor shaped by actors that introchese innovations to advance
information technology or scientific knowledge atw enable transformations for
intentional outcomes. Likewise, actors often idtroe new business processes to
complement the implemented predetermined solutionsctors in governments
introduce new regulations and compliance polici@hiese in turn, influence actors
who often respond by introducing new technology dnginess processes for

governments’ expected outcomes.

The newness is also often introduced by actorementally in organisations. Such
events often arise through a new product or sewffezing that requires some sort of
new information technology functionality. Cataglinic events, either human or
environmental, fluctuate the intensity of newnesd these events can quickly come
at actors from all angles. Participant 7 confirmany of the events that create

newness in their comment below.
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“New technologies, business models, paradigm simftse market or changes
in customer expectations — all these require saonec$ new response.”

- Participant 7

The condition of newness correlates with the niegirte of continual adaption.

Continual Adaption:

Continual Adaption is a factor shaped between attattempts at adapting to
successful competitive advantage. Organisationssfivam in different ways to
overcome the advantages another actor or actors gpawed. In the process, the
transformation becomes the organisation’s strerthty then use to exploit a
competitor's weakness. The factors that contritbateontinual adaption encompass
actors’ discrete projects or programmes that predisliverables for an intentional
outcome. Participant 12 identifies that projecposgramme deliverables cannot be

fully understood without meta data management.

“Without meta data management you can never getth® point of

understanding what can be delivered.”

- Participant 12

The intensity of continual adaption will be accated by actors when they combine
new business models with the introduction of newdérship. Actors often

simultaneously pursue the integration of predeteechi solutions to address the
expansion of online channels or to capitalise opodinities in new markets. As
Participant 4's comment below illustrates, actoaslaption is continuously being
influenced through learning. The primary sourdeat tinfluence their learning is

industry analysis, discussion forums, and academd journal publications. These
sources were considered critical in shaping the ieas that actors bring into their

organisations.

“Articles from publications, journals or discussioboards introduce hot
topics of the day or flavours of the month thatpdecare bringing into the

organisation.”
- Participant 4

31



The factors of newness and continual adaption aeate that are unpredictable and
uncertain. They contain many variables that maksfficult for business outcomes
to be known in advance. The emergent propertieatera new way of seeing the
world that actors must quickly then marry to thpredetermined transformations.
This condition consistently shifts actors’ mindsetsl takes on a dynamic associated

with the next two tension related themes.

Engagement Tension:

Engagement Tension is a factor shaped by the ottens between actors that engage
in workplace transformations for intentional out@sn Participant 10's comment
below illustrates actors’ preoccupation with engaget stressors in an environment
stems from mismatches in the interpretations aasatiwith their business and

technical terms. This factor erodes an interactigekplace environment.

“If I had meta data then | would not have to go application or system
support teams to understand the data I'm dealirth,wicould take care of it

myself.
- Participant 10

The actors participating and contributing to théveey of intentional outcomes often
find out far too late that terms do not match hdweyt are used in their enterprise
applications, systems and business processes. cdhdtion fosters a climate in the
workplace of fluctuating tensions between actoest #imgage in the interactions to

complete business activities (i.e. problem solvpignning and learning).

The engagement stressors are obstacles associdtedotors’ inability to be self-
sufficient when they are delivering on predeterrdingolutions. The unclear,
ambiguous, misunderstood and misalignment of texrasobstacles actors encounter
that transition into low self-sufficiency. The emgment stressors shape the quality

of decisions actors make in the delivery of predeileed solutions.
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Actors frequently make assumptions that their besgnterms present on application
screens are present and consistently used evemrywheross the organisation.
However, it is not unusual for projects or prograesmto introduce different
terminology or business language for their predeiteed solution. Participant 6's
comment below illustrates this difference in teradmy which represents the

differences between the old and new terminologgnimrganisation.

“I would have spent less time on unnecessary nggtinunning around
finding people to provide clarity about businessig, wasting time going to
two different people only to walk away from thewssations more confused

than when | arrived.”
- Participant 6

The meanings behind terms are often different toradn various workgroups. The
actors’ differing definitions are not always undecsl by other actors in workgroups
and many are not aware of how actors in varioukgroups use their terms. Many
organisations with legacy applications or systems still conducting business
activities today with terms built by actors that aro longer in the organisation.
Actors recruited to replace former incumbents ave always in a position to truly
understand the meanings for legacy applicationsystems and how they are being
used in those systems. Under this condition adindsit difficult to understand the
old and new worlds when events of newness creadeeunonfusion, frustration and

unnecessary tension.

Participant 16’'s comment below illustrates the i@ms between actors that ensue
when they are not “on the same page” or “on theesamve length”. This condition
even happens when organisations have a good ITbasidess strategy that is well
thought out and has been communicated well. Untégms contribute to tensions in
an interactive workplace often arising after acter® well into delivering a
predetermined solution. Actors’ preconceived aggions turn out to be inaccurate

creating more tension contributing to disagreements

“I would have spent less time sifting through a tlurof documents that do not

represent what is in the physical environment”.
- Participant 16
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These tensions create unnecessary distractions atttats must navigate. The
distractions create artificial barriers that affesbme actors’ participation and
contribution. This is often the result of perceivfeelings of embarrassment. Actors
encounter these obstacles in meetings or otherwiseork delivery, and they

contribute to the unnecessary asking for clarificaof terms.

Participant 3's comment illustrates obstacles, #ik&biguity, that make things tougher
for actors. They frequently have to chase peopleonly to find out they were
following false leads. Many interviewees suggestedurate meta data management

makes it possible to pinpoint issues associatell w@rms.

“l would have found the answers without going ofdwgoose chases”
- Participant 3

Many of the participants suggested actors ofteentterms on the fly in meetings
and others interpret terms incorrectly and thers plas incorrect interpretation along
to other actors that did not attend the meetindnis Tactor is associated with the
continual adaption theme (i.e. the primary southasare influencing actors’ learning

are industry analysis, discussion forums, and anadand journal publications).

There are conditions of exclusion thresholds tk#&tra feel when only some actors in
workgroups understand the meanings of terms in img=et Isolation arises at an
intellectual level as the workplaces’ fragmenteaiaostructure causes actors to
simply go silent in meetings. Actors drop out &fadissions in meetings. Afterwards
they open up to other actors “at the water codiejoint out they did not understand

what was going on in the meeting.

The need for actors to discuss the meanings ofstemmd how they are used requires
increased resources for a predetermined solutiorore time and effort to produce

little value. The wasted time by actors tryinguttderstand the data and how it links
together combined with political discussions thatrect actors creates Production

Tensions.
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Production Tension:

Participant 9’s comment illustrates production temsthat arises when actors
encounter defective associations between busiress twhen they are implementing
predetermined solutions for intentional outcom&se defective associations arise in
meanings of terms, rules, definitions and how tlaey accurately used across an
organisation’s enterprise applications or systemsoduction tension is a factor that

makes a predetermined solution not fit for purpose.

“You would not think two terms that sound and latike can mean something
totally different. It makes it hard to move onth® next step when rework

slows down progress.”
- Participant 9

The production tension creates rework, unnecessastings, delays and uncertainty
that waste time. Actors are often given uncleat msufficient instruction by other

workgroups largely due to defective associatiof$is creates levels of uncertainty
for actors delivering predetermined solutions. okstcope with this uncertainty by
manually digging into the code, rules and documnteanriaof enterprise applications or
systems and rewriting the original instructionshisTprocess helps to build their
confidence that the quality of what they are delivg is meeting expectations.
However, the process calls into question the sldligl ability of the original

instruction writer because of the discovery thataniegs of terms and references

were unknown or inadequate.

As a consequence of production tension, actorsofiem responding to delays in
development, unnecessary bugs in code, unexpeesedts, dissatisfied customers
and panic. The climate even in an interactive plaige often becomes charged and
increases pressures and stress on actors respgomgibtelivering predetermined
solutions. There is often a lot of going back &wrvard to clarify the use of terms.
Production tensions often require actors to go afn@y meetings and ask around for
answers. Participant 14’'s comment below illusgdteere is a lack of awareness that
other actors have a totally different interpretateond understanding of terminology.
Over time production tensions lead to expectatimotsbeing met often when it is too

late and organisations have to compromise by redutieir delivery scope or timing.
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“There is a difference between requirements vevguat is implemented and

there is a difference between what is implementesisg what is needed.”
- Participant 14

In the long run production tensions increase thst 0b production for predetermined
solutions. For instance, many organisations spance time on each one of their
projects or programmes trying to understand whalt leow applications or systems
use terminology. Participant 17’'s comment belolstrates the consequences of
actors having little or no guidance on terminologganings, nor where they are being

used across different applications or systems.

“If you don't know what your data means it makeslifficult for people to
know what a piece of data is and where it comas fand what processes use
it.”
- Participant 17
Any guidance is often out of date or inaccurateithtlowhere to get an accurate
answer, actors must learn terms all over agairevery predetermined solution they
implement. Many of the participants mentioned thaye, over the years, had to hold
similar meetings where the same questions on telogy are discussed time and

again.

Production tensions lead to the delivery of preaheiteed solutions that do not meet
intentional outcomes. Consequently, productionsiten and the next theme of

significance are related.

Significance:

Significance is a factor shaped by predeterminédatisas that establish cumbersome
headwinds that create drag on competitivenessenQdarticipants suggested without
proper meta data management practices predeterragletions introduce inefficient

and unreliable outcomes. Organisations eitheligtgrcommit to meta data’s value

or do not commit at all showing a lack understagdaihits worth.

Often organisations only recognise the value ofantitta when it comes to one off
projects that introduce predetermined solutionsiiregy conversions or migrations.
After the conversions or migrations, organisatiafien lose interest in meta data

management practices and move on to the next projec
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There are instances when separate lines of busimdssduce a meta data
management project to understand complexity andiyiiemics. Often this is done in
isolation and does not involve the entire orgamsaand the true value reduces or
erodes over time. Organisations that establisla miata management practices under
a separate line of business, create siloes ofnrdtion that is not fully complete,

holistic or kept up to date making it unusable.

The significance of meta data’s worth to an orgatiis arises far too late in delivery
of predetermined solutions. Often participantsgested meta data management
practices are not seen as a priority for C-Levehaggment who tend to view it like
they do data quality processes. Most C-Level margathink they can live without
meta data management practices and often wait tinetilast minute when specific
events or episodes create strong headwinds wheireptiedetermined solutions prove

inadequate, inefficient and unreliable.

It seems that many organisations do not have natardanagement practices as part
of their delivery processes for newness events.th®Mi meta data management
practices, the inefficient and unreliable predeteed solutions implemented in
organisations will impact their ability to bringto sharper focus the complexity

created by interconnectedness.

Moreover, inefficiency and unreliability will notogaway and will continue to be
burdensome. While C-level management sets stratéigection, objectives and
vision to recognise the invaluable benefits of ptedmined solutions, they are doing
this activity while inaccurate interpretations oérrhs are prevalent in their
organisations. Over time this permeates into custdree and confusing processes
slowing any momentum gains down quickly. Partiniph’'s comment below reveals
the significance of meta data management and ted teerecognise the value that it

has to offer.

“In general | think meta data management is an gné part of progressing

as a society and it will shape and increase theedpg change.”
- Participant 1
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Implications:
Managing complexity in an interconnected world:

The research evidence — the themes, the interviewds the literature review —
highlights a way that organisations can exploit dade’s law. Metcalfe’'s law

suggests, among other things, that expanding ttveonle increases its worth (Haase,
2004; Gilder, 2007; Metcalfe, 1996; Cisco, 2013Jhis has implications beyond
understanding the impacts of meta data on sociamiycs in an organisation. There
is economic significance in exploiting MetcalfegsM and capitalising on the worth of
semantic meta data. Networked meta data has et @direl material impact on an

organisation’s future competitiveness.

Value comes from the social links between an osggitn’s people, emerging from
their interactions in workgroups while they useitheorpus. An organisation’s
networked semantic meta data that is groundedsirconnectedness suggests “the
value of meta data rises as the product of theofdbe corpus size and the log of the
size of the user communityHaase et al., 2004). This measure of value esdates

to an organisation’s connected semantic meta dagafactor that contributes to their
competitive advantage. For instance, the moddFigure 7 reflects two primary
theories used in the research case, their assotiatith economic significance of

meta data and our interconnected world.

Figure 7. The economic significance of meta data
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As our interconnected world establishes new commesiand expands, events become
more unpredictable in nature and organisations wihtinue to struggle with
anticipating opportunities and challenges. The #®nuncovered in this case
(newness, continual adaption, engagement tensionduption tension, and
significance), and discussed above, play a sigmficrole in shaping the
connectedness of an organisation’s corpus. Thisextedness helps an organisation

manage complexity in our interconnected society.

Hackett (Forbes, 2013) describes managing compgla@stan extreme manifestation
of various motions, dynamics and reactions of ungmated business change. He
suggests this is exposing the weaknesses of oggams that have not embraced an
understanding of the complex phenomenon and tlyemics. He goes on to suggest
that understanding how to isolate what arises in complex, expanding, and

interconnected society is fundamental for competiidvantage (Gilder, 2007; Cisco,
2013; Drucker, 1999).

The current growing interconnected society is sparknew innovations around
semantic meta data that will further empower org@tions to exploit Metcalfe’s law.
This advantage will be a strength for organisatiasishey create holistic components
of complex systems involving people. New reventreasns could drive future
business opportunities in new markets as charatiteyi of networks drive the
interconnectedness and digitisation of data inetgci For instance, Internet.org is a
partnership with Facebook, Ericsson, MediaTek, BpkKDpera, Qualcomm, and
Samsung. They seek to expand the interconnectedhesir society beyond the 2.7
billion people that are connected today (Inc, 2013kewise, Google is pursuing an
initiative called “Loon For All” that has a similafocus to expand the

interconnectedness of our society.

The implications of the world’s next 5 billon comtiens in our interconnected
society will have profound network effects that somrganisations are already
positioned to exploit because they have looked bheyihe meta data to the social
dynamics. The connectedness of 5 billion addiliggeple creates new business

opportunities centred on understanding complexity their dynamics.
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This condition will accelerate stronger tail winfits organisations that already are
exploiting Metcalfe’s law. On the other hand, ongations unable to exploit
Metcalfe’s law will experience stronger headwindsnpacting on their

competitiveness.

Cisco’s (2013) “Internet of Everything Index” sugtg organisations with the know-
how to exploit Metcalfe’s law have the potentiaktipitalise on $14 trillion dollars in
revenues over periods from 2013 to 2020. The éuand present worth of Cisco’s
$14 trillion dollar estimates represents 12 ofttlggest economies that account for 70
percent of the world’s gross domestic product @erica, Australia, Brazil, Canada,

China, France, Germany, India, Japan, Mexico, Russid the United Kingdom).

Although many organisations have an objective tbraee complexity and the value
interconnectedness causes, organisations arournwloitie in advanced and emerging
economies are still unable to capture its full ealuCisco’s (2013) Internet of
Everything Index (loE) suggests approximately $3sion of $1.2 trillion of

potential gains will go unrealised in 2013 ($&gure 8). This example illustrates
opportunities left open for any competitor with qoetence and capability to exploit

the value of interconnectedness.

What will be needed to capitalise on unrealisedpotential gains highlighted in
Cisco’s (2013) IoE index are people with elevatéihking skills to redefine
information use within our interconnected societyAddressing this gap is
fundamental for any organisation’s future to crese value, wealth and to redefine
what is meant by competitiveness (Drucker, 19849)9 In addition, organisations
that operate their businesses solely on a 19thugemhodel that aims to sustain
competitiveness through lower cost differentiatioill need to move beyond this
outdated tradition in order to exploit the valueirterconnectedness (Drucker, 1984,
1999)
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Figure 8: The value interconnectedness causes that ispedap
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(Cisco, 2013)

Evidence in this research case suggests orgamisadi@ not prepared to understand
complexity and respond to their dynamics. Manyaoigations are unable to enquire
beneath the surface of the network of connectiofis disadvantage prevents
organisations from exploiting Metcalfe’s law aneithsemantic meta data to enable
people to be, among other things, self-sufficiemhe inability of people to be self-

sufficient is a factor impacting their semantic nugynas it becomes necessary for
people to continue to use natural language. M@ememantic memory and natural
language use are significant for organisationspéida to the themes outlined above
in this case. Enquiring beneath the surface oivokds enables people to come
together to interact with one another on businesisiges and remain on the same
wavelength. An organisation’s networked meta diata@ssence helps organisations
to enquire into and understand the very originheiirt social dynamics and the world

around them.
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People centred, intelligent semantic representatiamtribute to the connectedness of
an organisation’s business language (Buchanan, 20dlling, 2001; Eysenck, 2004).
This underpins an organisation’s ability to fosterclimate and culture of self-
sufficiency, increased productivity, as well as #widance of assumptions. It helps
focus attention on implementing predetermined smhst for intentional outcomes.
The intelligent semantic representations enableleetm enquire openly into events
arising while conducting business activities, tohiage social progress, make

discussions more focussed, and make the objeafuegetings clearer.

The necessity to manage complex phenomenon wiligieas the interconnectedness
in society expands. The evidence in this caseesigghere is no single solution or
person in any organisation that can deny the mad@itof our expanding
interconnected society — the complexity and themasnics are posed to radically
alter value and wealth creation in our societyhydrcal things and billions of more
people are factors that will accelerate and infgrikictuating conditions of complex
phenomenon in our interconnected society. Degspise extreme conditions some
organisations are positioned to exploit Metcaliew as a strength against the deep

weaknesses of competitors that are unable to exploi
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Conclusion:

This research case provides evidence that the ggowiterconnected society is
redefining what is meant by competiveness. Theamfi has shown organisations
with a deeper understanding of the purpose and imgai information have a strong
advantage over their competitors. This advantagleeir ability to create value and to
exploit the worth arising in networks and in theiabdynamics created within those
networks.  This strength is contributing to theicoeomic growth and is
interdependent with their strength of managing demphenomenon in our growing
interconnected society. Inherent in their ability managing complexity is their
understanding of what is necessary to exploitréate new solutions and transform
with predetermined solutions. Evidence from tlesearch case shows the themes
identified (that is, newness, continual adaptiongagement tension, production
tension, inefficiency and unreliability) need to bensidered by organisations as
factors that impact social dynamics and can coinstree ability to exploit the worth

of meta data.

The next progression in value creation from meta tlzat needs to be considered is
the ability for an organisation to predict behavsaf networks based on their corpus.
This progression will enable knowledge workers tsveer questions relating to
business activities smarter. One model developethé research case was the
creation of a simulated semantic network of assiocia. The semantic network
forms the basis of predictions that have the pdgsgilto improve productivity by

connecting people’s business language and busirmeswities within their

organisation.

The research and evidence has shown that peopglefyscand nations are operating
in a larger digitised information ecosystem of ld®undaries that are interconnected
and dynamic. Peter Drucker (1984, 1999), as wellmany others cited in this
research case, corroborate the practical obsengtparticularly that the purpose and
meaning of information underscores the characiesisif complex systems. This
research study shows that the implications for misggions that look beneath the
network of information find the exact nature of vi®rth to distinguish it from past
sources of wealth creation. The impact of meta danagement on social dynamics
and the behaviours it creates should be considesedritical success factors when

creating new value from an organisation’s uniqusifess language.
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Glossary:

Actors

Anti-Money Laundering and

Countering Financing of Terrorism

Act (AML/CFT)

Big Data

Business Glossary

Business Language

Complex Systems

Context Mediation Services

Corpus (plural: Corpora)

Data Governance

Data Integration

Data Quality Process

Data Semantic Acquisition

Ethnography

Those knowledge workers in organisations ateoparticipating
directly or indirectly in delivering predeterminedlutions. This can
include decision makers.

Global legislation requiring financial institutions focus resources
on deterring and detecting financing of terroriamd anoney
laundering.

The Act was prompted by the economic effects driimial crimes.

“Big Data is a term describing the storagd analysis of large and or
complex data sets using a series of techniquesdimd, but not
limited to: NoSQL, MapReduce and machine learnifMyard &
Barker, 2013 p. 2.).

Corpora that represents lancqalamé an organisation’s business.

The language about businegsetbple use within an organisation
during problem solving, learning and planning atige.

A holistic system of interconnéchgnamic components. The
characteristics of complex systems are that theyadaptive, their
behaviours often fluctuate and they are continuzgtignging. The
behaviours of complex systems often emerge as ramia@haotic in
nature.

A service involving fiimh resolution, data semantic acquisition, and
guality growth processes that expand an organisataorpus.

Large collection or bodyligitally recorded written and spoken data
about business language.

The practice of governing all aspafcdata related initiatives
including procedures, policies, and standards soienan
organisation’s use of information is fit for purjgos

The data production process iringldata related competencies and
capabilities organisations use to turn data intamregful
information.

The data production procegsviimg data related competencies and
capabilities organisations use to ensure informasdrustworthy and
fit for purpose.

The intervention techeigmsuring accurate interpretation of an
organisation’s business vocabulary to produce tusdéimantic meta
data. This technique helps to establish a meamlicgfpus for an
organisation.

A research strategy used in sociaheseito study cognitive activity
and specific episodes in real-world settings of cumities. In
particular, “traditional ethnography is concernathwhe meanings
that members of a cultural group create, cognittbeography is
concerned with how members create those meanilgitligms,

2006 p. 1.).
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Heuristics

The hands-on approach to learning, "Is8cs" means simple rules
of thumb to assist in decision making or problervisg

by experimental and especially trial-and-error rodthand the
evaluation of feedback to improve performance."tédBcience
Association, 2013 p.2.)

Intelligent Semantic Representations A visualisaimstrument representing people’s mental

Interconnected Society

Master Data Management

Meta Data

Meta Data Management

Metcalfe's Law

Natural Language

Network Theory

Participant

Predetermined Solution

Semantic Interpretation

Semantic Memory

Semantic Network

Semantic Representation

understanding of language for their corpus.

The condition of peopledciety connected and interwoven together
with everything in our environment.

The practices, processe®alsdo master complete views of
organisations’ data assets.

The data that describes or explainshimdtion about other data or
collections of data.

The practices, processealsddr instrument an organisation uses
to manage meta data.

A scientific law to exploit economimrth of an organisation’s
networked meta data.
http://www.princeton.edu/~achaney/tmve/wiki100k/giddetcalfe s law.html

Human spoken or written languageised naturally.

A collection of dynamic objects irdennected to each other in the
same manner. Network thinking or science is agphevarious areas
such as engineering, physics, social science, gpjolmedicine,
economics, computer science, and so on.

An interviewee.

An information technologg aystem solution that was decided on
or determined in advance by organisations for frangation with
intentional outcomes.

The understanding of métanguage either by human or machine.

The semantic memory is in the hubrain and enables people to
communicate with language. The semantic memorngsto
information about words , images, their meanings rafierences
about rules, relations, formulas, and algorithmspte use in making
inferences.

The mental representations ofinédion using patterns of
interconnected nodes and arcs. The semantic neteanects
people’s business language and business actiwvitihg an
organisation.

The mental representati@mguage.
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Semantics

Social Dynamics

Themes:
Newness

Continual Adaptation

Engagement Tension

Production Tension

Significance

Theories of Meaning

The meanings within language.

A social phenomenon representiagtility of people to respond
and deal with change within environments. Inhenesocial
dynamics is language people use and their behavighile
conducting business.

Theme shaped by actors that introduce new innavatio advance
information technology or scientific knowledge. tAis in
organisations introduce new technology to enaklesfiormations for
intentional outcomes.

Theme shaped between actors’ attempts at adaptisurtessful
competitive advantage. Organisations transfordifierent ways to
overcome the advantages another actor or actoesdeined.

Theme shaped by the interactions between actargmigage in
workplace transformations for intentional outcomes.

Theme shaped when actors encounter defective atisnsi between
business terms when they are implementing predetechsolutions
for intentional outcomes.

Theme shaped by predetermined solutions that ésttabhimbersome
headwinds that create drag on competitiveness.

The assignment of semantiterarior expressions of a natural
language. This also includes meanings of wordgifye of local
facts pertaining to the psychology of language asethey relate to
other cognitive systems within environments in vihicords are used
(Stanford Encyclopaedia of Philosophy, 2010).

http://plato.stanford.edu/entries/meaning/
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Appendices:

Human Ethics CommitteeConsent Form:

Participant Consent Form

Research Project Title: The impacts of Meta Data Management on Social Dynamics

Researcher: Torrance Mayberry, School of Information Management, Victoria University of
Wellington

| have been given and have understood an explanation of this research project. | have had an
opportunity to ask questions and have them answered to my satisfaction.

| understand that | may withdraw myself (or any information | have provided) from this project,
without having to give reasons, by e-mailing torrance _mayberry @vuw.ac.nz by the Aug 30, 2013

| understand that any information | provide will be kept confidential to the researcher and their
supervisor, the published results will not use my name, nor my place of employment and no
opinions will be attributed to me in any way that will identify me.

| understand that the data | provide will not be used for any other purpose or released to others.

| understand that, if this interview is audio recorded, the recording and transcripts of the
interviews will be erased within 2 years after the conclusion of the project. Furthermore, | will
have an opportunity to check the transcripts of the interview.

Please indicate (by ticking the boxes below) which of the following apply:

O I would like to receive a summary of the results of this research when it is completed.
O | agree to answer the interview questions.
Signed:

Name of participant:

Date:
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Human Ethics Committee Information Sheet:

Participant Information Sheet

Research Project Title: The impacts of Meta Data Management on Social Dynamics

Researcher: Torrance Mayberry, School of Information Management, Victoria University of
Wellington

Meta data management practices can either negatively or positively influence the social dynamics i
an organisation. As part of the completion of my Masters of Information Management, this study i
designed to examine the development of meta data management practices and their affect on soci
dynamics.

Learning more about theirimpact can help organisations foster uniformity, general agreement, anc
unambiguity during problem solving, planning and learning, influencing knowledge acquisition. It i
hoped that this case study will also motivate future research into the phenomenon of IT data relate
projects and their impact on the social dynamics in organisations.

Victoria University requires, and has granted, approval from the School’s Human Ethics Committee

| am inviting work groups directly impacted by the AML/CFT project and practitioners to
participate in this research. Participants will be asked to take part in a half hour interview.
Permission will be asked to record the interview, and a transcript of the interview will be sent to
participants for checking.

Participation is voluntary, you nor your place of employment will be identified personally in any
written report produced as a result of this research, including possible publication in academic
conferences and journals. All material collected will be kept confidential, and will be viewed only
by myself and my supervisor Tony Hooper, Programme Director Masters of Information
Management. The case study will be submitted for marking to the School of Information
Management. Should any participant wish to withdraw from the project, they may do so until Aug
30, 2013, and the data collected up to that point will be destroyed. All data collected from
participants will be destroyed within 2 year after the completion of the project.

If you have any guestions or would like to receive further information about the project, please
contact me at Torrance Mayberry@vuw.co.nz or telephone +640272212515, or you may contact
my supervisor Tony Hooper, Programme Director Masters of Information Management at
Tony.Hooper@vuw.ac.nz or telephone +64 4 463-5015

Torrance Mayberry
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Interview Questions:

SN Interview Questions

1 |"What are your thoughts on the sigrificance of meta data management practices in your rale?

2 | What diffioulties arise when work groups are unclear shout business or technical terms?

3 |What do wou think would help people recall the acmurate interpretation of husiness or technical terms
better/quicker?

4 |What events do wou think introdace new business or technical terms in organisations?

& |Howr do you think social dynamics in an organisation are affected by business or technical terms
[semantic interpratation of meta data) that are ambiguous orunelear?

6 | Think about a tisme when you have attended a meeting where there has been ambiguons or unclear
usiness or techmical terms. What were the dynamics like in the meating?

T | What process was used to provide clarity? What could have avoided this situation?

B Mo think about a time when you were involved in a project where all team members were clear
abenat the interpretation of business or tachmical terminology for applications (meta data). What
were the dynamies like in the project team?

9 |'What meta data management practices do you find usefial in avoiding miscomnmmecation during
problem solving, planning or learung?

10 |'What do wou think about meta data management usefalness in helping work groups acourately
diagnose or discover operational problams?

11 |"What would the impact be on wour work if wou had acourate business or techmical terms for enterprise
applications at your finger tips in your organisation?




